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I. INTRODUCTION
Markets for natural resources and intermediate goods frequently operate using auctions. This leads to questions about
whether the auction design affects competition and market participation. One of the central issues in auction design is whether
to use sealed bidding or an open auction format. The choice arises
in allocating natural resources such as timber and oil rights, in
sales of art, real estate, and financial assets, and in a range of
procurement settings. A large theoretical literature identifies conditions under which one method or the other might be preferred
on the grounds of efficiency or seller revenue. But there is much
less empirical evidence on how the choice affects bidder competition, in part because many auction markets operate under a
given set of rules rather than experimenting with alternative
designs.
In this article, we provide some new evidence from sales of
timber in the national forests. The U.S. Forest Service timber program provides a useful test case because it uses both open and
sealed bidding, at times even randomizing the choice. We use this
variation to explore bidder entry and competition and to assess
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We study entry and bidding patterns in sealed bid and open auctions. Using
data from the U.S. Forest Service timber auctions, we document a set of systematic effects: sealed bid auctions attract more small bidders, shift the allocation
toward these bidders, and can also generate higher revenue. A private value
auction model with endogenous participation can account for these qualitative
effects of auction format. We estimate the model’s parameters and show that
it can explain the quantitative effects as well. We then use the model to assess
bidder competitiveness, which has important consequences for auction design.
JEL Codes: D44, L10, L13, L41.

208

QUARTERLY JOURNAL OF ECONOMICS

1. This number is from the U.S. Census and combines forestry and logging, sawmills, and pulp and paperboard mills (NAICS categories 113, 3221, and
321113).

Downloaded from http://qje.oxfordjournals.org/ by guest on June 12, 2016

the possibility of bidder collusion. Apart from providing an opportunity to study the effects of auction design, the timber sale program is economically interesting in its own right. Timber logging
and milling is a $100 billion a year industry in the United States, 1
and about 30% of timberland is publicly owned. During the time
period we study, the federal government sold about $1 billion of
timber a year.
We analyze data from open and sealed bid sales held between
1982 and 1990 in two areas: the Idaho–Montana border and
California. In these sales, we find significant effects of the auction
method on bidder participation, the allocation of timber, and timber prices. Conditional on sale characteristics, sealed bid auctions
induce more participation by small firms that lack manufacturing
capacity (“loggers”). In contrast, entry by larger firms with manufacturing capability (“mills”) is roughly the same across auction
formats. Sealed bid auctions also are more likely to be won by loggers. Finally, we measure winning bids to be about 10% higher in
the sealed bid auctions in the Northern forests. In the California
forests, the price difference is small and statistically insignificant.
Motivated by these findings, we consider a model that incorporates several salient features of the auction market. First, we
model bidder participation by assuming it is costly to acquire information and bid in the auction. Second, we allow bidders to have
heterogeneous value distributions to capture the fact that in our
data mills systematically submit higher bids than loggers. Third,
because of the large price differential in the Northern (Idaho and
Montana) forests, we entertain the possibility that mills behave
cooperatively in the open auctions. Collusion has been a concern
in timber auctions since the early days of the Forest Service, and
the prevailing view is that open auctions are more prone to bidder collusion because participants are face to face and can react
immediately to opponent behavior.
The basic properties of this model have been established by
Maskin and Riley (2000). A main insight of their work is that
sealed bidding tends tofavor weaker bidders. In the equilibrium of
an open auction, the bidder with the highest value wins. But in a
sealed bid auction, strong bidders have greater incentive to shade
their bids below their true valuations, so a weak bidder may win
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despite not having the highest valuation. This tips sealed bid outcomes toward weaker bidders and gives them an extra incentive to
enter the auction. Viewing the mills as the stronger bidders, which
matches the observed bidding patterns, the model’s predictions
about entry and allocation go in the same direction as our empirical findings. The theory is less clear-cut on the relative prices to
expect in open and sealed auctions. The comparison hinges on the
model primitives: the bidder value distributions and the cost of
participation.
To assess whether the model can explain the prices we
observe and match our quantitative findings about entry and allocation, we estimate the structural parameters of the model using
data from the sealed bid auctions. We use a parametric version of
Guerre, Perrigne, and Vuong (2000) to recover the distributions of
bidder values from the observed bids. We also recover estimates
of entry costs by estimating the distribution of logger entry and
combining this with the postentry profits implied by the estimated
value distributions. We show informally and using formal specification testing that the model provides a good fit to the sealed
bid data. The estimates indicate substantial differences between
mills and loggers, as well as fairly low entry costs and profit
margins.
We then use the calibrated model to predict the outcomes of
the open auctions in our data under alternative behavioral assumptions. The predictions are out-of-sample in two directions:
we predict outcomes for different sales and for a different auction
game than was used in estimation. Nevertheless when we compare the model’s predictions to the actual auction outcomes, we
find that the model plausibly explains the observed differences
in participation and allocation across auction formats. Our baseline assumption of competitive bidding also fits the auction prices
in California quite well. The competitive benchmark has a harder
time explaining the large price difference between open andsealed
bidding that we observe in the Northern forests. Instead, the data
appear consistent with a mild degree of cooperative behavior by
participating mills. Although it is hard to draw very sharp conclusions about firm conduct, we provide some additional suggestive
evidence by showing that the price differential between open and
sealed auctions is observed mainly in sales where multiple mills
are competing.
The calibrated model also permits a welfare assessment of
the choice between open and sealed bid auctions. We find that for
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2. Pinchot (1998, p. 209) recounts the decision in his autobiography, Breaking
New Ground: “The timber on the first selection of the Minnesota Forest Reserve
was tobe sold on sealed bids, tobe opened publicly on a given day, thereby preventing the customary collusion between bidders. We had to break the old bad habits
of the Indian Office or fail.”
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a fixed set of participants, the model predicts relatively small discrepancies in outcomes. Sealed bid auctions raise more revenue
and distort the allocation away from efficiency and in
favor of loggers, but the effects are small (less than 1%). The differences are somewhat larger when we account for equilibrium
entry behavior: sealed bidding increases revenue by roughly 2–
5% relative to a competitive open auction due to increased logger entry. Strikingly, even a mild degree of cooperative bidding
by the mills at open auctions—the behavioral assumption most
consistent with the observed outcomes in the Northern forests—
results in much more substantial revenue differences (on the order of 5–10%). This suggests that bidder competitiveness merits
considerable attention in the choice of auction format.
Our article relates to past research on the economics of auction design and work in industrial organization on market entry and collusion. The seminal result in auction theory, Vickrey’s
(1961) revenue equivalence theorem, shows that under certain
conditions, open and sealed bidding lead to essentially equivalent
equilibrium outcomes. A great deal of subsequent theory, including Maskin and Riley’s, shows how details of the bidding environment (e.g., bidder heterogeneity, entry costs, collusion, correlation
in bidder values, risk aversion, transaction costs) affect the comparison between auction formats. We draw on this theoretical literature in formulating our model and in considering alternative
explanations for our findings.
In the particular context of federal timber sales, the relative
merits of open and sealed bidding have been the subject of much
debate. The first chief of the Forest Service, Gifford Pinchot, advocated sealed bidding on the grounds that open bidding was prone
to collusion.2 Over time, however, some regions moved to open
auctions on the grounds that they allowed local mills to respond
directly to competition (Wiener 1979). Statistical analyses by
Mead (1966), Johnson (1979), and Wiener (1979) found higher
prices in sealed bid auctions based on data from regions that used
both formats. In the late 1970s, the Pacific Northwest used some
sealed bidding in addition to its customary open auctions. Hansen
(1986) studied this episode and found insignificant revenue
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II. THE THEORETICAL MODEL
This section develops the theoretical model we use to frame
our empirical analysis. Our starting point is the heterogeneous
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differences, but cautioned that the choice of auction format may
have been sensitive to lobbying, creating an endogeneity problem. More recently, Schuster and Niccolucci (1994) and Stone and
Rideout (1997) studied sales from, respectively, Idaho and Montana, and Colorado, and report higher revenue from sealed bidding. A nice feature of Schuster and Niccolucci’s paper is that they
identify a set of sales in the Northern forests where auction format
was randomized. We draw on their work in constructing our sample. Our study advances this overall line of research by addressing
a wider set of questions about allocation and participation, and by
relating the evidence to a tightly specified theoretical model.
Our work also contributes to the empirical literature on bidder collusion. Researchers have proposed several approaches to
assess whether auction data are consistent with competitive or
collusive bidding (Porter and Zona 1993, 1999; Baldwin, Marshall,
and Richard 1997; Bajari 1997; Pesendorfer 2000; Bajari and Ye
2003; Asker 2010). These approaches either require prior knowledge about the existence and structure of a cartel or derive insample specification tests of the competitive model and treat
collusion as the alternative. In this work, we use behavior in one
auction format as a benchmark from which to evaluate the competitiveness of behavior under an alternative format.
Finally, this article relates to a broader literature in industrial organization about the determinants of entry and market
stucture (Bresnahan and Reiss 1991; Berry 1992). Research in
this area has used entry decisions to draw inferences about firm’s
profit functions relative toa normalizeddistribution of entry costs,
as a function of market-specific covariates. We adopt a somewhat
different approach to studying auction entry. We first estimate
postentry profits from firms’ pricing decisions (i.e., their bids) and
use entry decisions only to recover the sunk costs of participation. This approach allows us to fully recover the parameters of
our model in dollar terms. Bajari and Hortacsu (2003), Groeger
(2009), Krasnokutskaya and Seim (2009), Li (2005), Li and Zheng
(2009), and Marmer, Shneyerov, and Xu (2007) are other recent
auction studies that account for bidder participation.
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private values auction model of Maskin and Riley (2000), which
we slightly extend to incorporate participation decisions and possible collusion in open auctions. We discuss some specificmodeling
choices at the end of the section.
II.A. The Model

3. In practice, Forest Service auctions are open outcry and the price can rise
in discontinuous jumps. We are not aware of any evidence that jump bidding has
had a major effect on auction outcomes, although the open outcry format does complicate the inferences that can be drawn from recorded bid data (Haile and Tamer
2003).
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We consider an auction for a single tract of timber. Prior to
the sale, the seller announces a reserve price r and the auction
format: open ascending or first price sealed bid. There is a set N
of potential risk-neutral bidders. Each bidder must incur a cost K
to gather information and enter the auction. By paying K, bidder i
learns his (private) value for the tract, vi , and may bid in the auction. We refer to bidders who acquire information as participants,
and denote the set of participants by n.
We assume each bidder i’s value is an independent draw from
a distribution Fi with continuous density fi and support [v = r, vi ].
Anticipating our empirical analysis, we allow for two kinds of bidders. Bidders 1, . . . , NL are Loggers and have value distribution
FL , whereas bidders NL + 1, NL + NM are Mills and have value
distribution FM . We assume that FM stochastically dominates FL
according to a hazard rate order, so that for all v, fM ( v) /FM ( v) ≥
fL ( v) /FL ( v). We sometimes refer to the mills as strong bidders
and the loggers as weak bidders.
We adopt a standard model of the bidding process. In an open
auction, the price rises from the reserve price and the auction terminates when all but one participating bidder has dropped out. 3
With sealed bidding, participating bidders independently submit
bids; the highest bidder wins and pays his bid. For both auctions,
we assume that bidders make independent decisions to acquire
information but learn the identities of other participants before
submitting their bids.
A strategy for bidder i consists of a bidding strategy and an
entry strategy. A bidding strategy bi (∙ ; n) specifies i’s bid (or dropout point in the case of an open auction) as a function of his value
and the set of participating bidders. An entry strategy pi specifies
a probability of entering the auction.

COMPARING OPEN AND SEALED BID AUCTIONS

213

A type-symmetric entry equilibrium is a pair of bidding strategies bL (∙; n) , bM (∙; n) and entry strategies pL , pM with the property
that (i) loggers use the strategy bL , pL and mills the strategy
bM , pM ; (ii) each bidder’s bid strategy maximizes his profits conditional on entering; and (iii) each bidder enters if and only if
the expected profit from entry exceeds the entry cost (and may
enter probabilistically if the two are equal). To characterize typesymmetric equilibria, we first consider the bidding game and then
the entry game.
We begin with the sealed bid auction. Suppose i is a participating bidder with value vi , and the set of participants is n. Bidder
i’s expected profit is
Y
Gj ( b; n) ,
(1)
πis ( vi ; n) = max( vi − b)
b≥r

j∈n\i

where Gj ( b; n) =Fj ( b−1
j ( b; n) ) is the probability that j will bid less
than b. The first-order condition for i’s bidding problem is
X gj ( bi ; n)
1
=
.
(2)
Gj ( bi ; n)
v i − bi
j∈n\i

The first-order conditions, together with the boundary condition
that bi ( r; n) =r for all i, uniquely characterize optimal bidding
strategies for any set of participants n, and provide a basis for estimating bidders’ value distributions (Guerre, Perrigne, and Vuong
2000).
Equilibrium bidding behavior exhibits several key features.
First, bid strategies are type-symmetric. Second, mills submit
higher bids: GM ( b; n) ≤ GL ( b; n) for all b. This is a testable implication of the model. Third, mills shade their bids more than
loggers: bM ( v; n) ≤ bL ( v; n) for all v. This implies that a logger
may win despite not having the highest value.
Now consider the open auction. In this case, all participants
have a dominant strategy of bidding up to their valuation, so
bi ( v; n) =v. Bidder i’s expected profit conditional on entering and
having value vi is

(3)

πio ( vi ; n) = max( vi − E[ max{v−i , r}
b≥r
Y
|vj ≤ b ∀j ∈ n\i])
Fj ( b) .
j∈n\i
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Unlike the sealed bid auction, the open auction is efficient: the
entrant with the highest value wins the auction.
II.C. Equilibrium Entry
We now characterize equilibrium entry. Let πLτ ( nL , nM ) and
denote the expected logger and mill profit in auction
format τ ∈ {o, s} if the set of participants n includes nL loggers and
nM mills, and participants use equilibrium bid strategies. Then
bidder i’s ex ante expected profit from participating is
X
πiτ ( nL , nM ) Pr [nL , nM | i enters, rivals play p−i ] ,
(4) Πiτ ( p) =
τ
( n L , nM )
πM

where p=( p1 , . . . , pM+L ) is the profile of entry probabilities, and
τ
πiτ equals πLτ or πM
depending on whether i is a logger or mill.
Entering is optimal if the expected profit Πiτ ( p) exceeds the entry
cost K.
A type-symmetric entry equilibrium ( pL , pM ) exists for both
auction formats, but in general it need not be unique. The following result is useful in this regard.
s
PROPOSITION 1. Suppose that for all nL , nM , πM
( nL , nM + 1) >
s
πL ( nL , nM ). Then there is a unique type-symmetricentry equilibrium for both auction formats. In equilibrium, either pL = 0
or pM = 1.

The uniqueness condition requires that mills have a sufficient
value advantage over loggers to outweigh the effects of facing an
additional bidder. As a matter of theory it is rather strong. In our
empirical work, however, we estimate bidder value distributions
without making any equilibrium assumptions about entry behavior and then verify that the condition holds for each sale tract in
our data. Thus the calibrated version of our model always has a
unique type-symmetricentry equilibrium. In our data, we observe
logger entry in more than 85% of sales and always more potential
logger entrants than actual logger entrants, sothe empirically relevant equilibrium appears to be one in which each logger enters
with probability between 0 and 1.
Although we focus on the type-symmetric equilibrium, the
condition in Proposition 1 also greatly restricts the broader set of
possible entry equilibria. If the bidder value distributions lead to
this condition being satisfied (as is the case with our estimated
value distributions), then in any equilibrium where any logger
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n⊂N
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enters with positive probability, every mill must enter with probability 1. So if we were to restrict attention to entry equilibria in
pure strategies, every equilibrium wouldinvolve the same number
of entering mills nM and entering loggers nL , with the property
that if nL > 0 then nM = NM .
II.D. Comparing Auction Formats

PROPOSITION 2. For any type-symmetric entry equilibrium of the
sealed bid auction, there is a type-symmetric entry equilibrium of the open auction in which: (i) loggers are less likely to
enter; (ii) mills are more likely to enter; (iii) it is less likely a
logger will win.
The statement of the result is complicated by the possibility of
multiple equilibria. Under the uniqueness condition of Proposition 1, however, the prediction is unambiguous: open bidding leads
to less logger entry, equivalent mill entry and a lower chance that
a logger wins.4
There is no general theoretical comparison of expected revenue, even with fixed participation. This provides further motivation for the parameterized model we develop in Section 5. The
model does imply that sealed bidding is less efficient. The sealed
bid auction is inefficient even conditional on participation, while
the socially efficient type-symmetric outcome is achieved as an
equilibrium of the open auction (Athey, Levin, and Seira 2004).
4. The idea that sealed bidding may increase entry by weaker bidders is emphasized by Klemperer (2004) in the context of spectrum auctions.
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We nowcompare the equilibrium outcomes of open and sealed
bid auctions. A useful benchmark to have in mind is the case
where bidders are homogenous, so FL = FM . In this case, we
have auction equivalence as follows, If bidders are homogenous,
so FL = FM , the sealed bid and open auction each have a unique
symmetric entry equilibrium, in which the highest valued entrant
wins the auction. These equilibria have (i) the same expected
entry, (ii) the same allocation, and (iii) the same expected revenue.
This equivalence breaks down with heterogeneous bidders.
Because mills shade their bids more than loggers in the sealed
bid equilibrium, a logger has a greater chance to win, and hence
has greater expected profits, than in an open auction where the
allocation is efficient. The argument is reversed for mills, leading
to the following result.

216

QUARTERLY JOURNAL OF ECONOMICS

II.E. Collusion in Open Auctions

PROPOSITION 3. For any type-symmetric entry equilibrium of the
open auction, there is a type-symmetric collusive equilibrium
in which: (i) loggers are less likely to enter; (ii) mills are more
likely to enter; (iii) it is less likely a logger will win. Thus,
for any type-symmetric entry equilibrium of the sealed bid
auction, there is a type-symmetriccollusive equilibrium of the
open auction where (i)–(iii) hold.
For the empirically relevant case in which there is a unique
type-symmetric equilibrium where mills enter with probability 1
and loggers randomize, collusion has no effect on entry or allocation relative to the competitive open auction outcome. It simply
lowers prices. Therefore to the extent that the competitive model
might explain observed departures from revenue equivalence in
5. There are forms of collusion, such as bid rotation, that involve coordinated
entry. We have looked for evidence of this in our data by checking whether the
entry of pairs of mills or loggers is negatively correlated conditional on sale characteristics. There are a handful of pairs for which entry is significantly negatively
correlated, but for the vast majority of pairs negative correlation can be rejected.
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As noted in the Introduction, we estimate that in some forests
open auction prices are substantially lower than sealed bid prices.
This finding, and the fact that collusion in open auctions has been
a long-standing concern in Forest Service sales (Baldwin, Marshall, and Richard 1997; Froeb and McAfee 1988; Mead 1966;
Pinchot 1998; United States House of Representatives 1977),
suggests incorporating open auction collusion into the model.
Collusive schemes can take many forms, so we assume for
concreteness that participating mills at an open auction cooperate perfectly. The participating mill with the highest value bids
his value, while the other mills register as participants but do not
actively bid. Loggers simply bid up to their value. We maintain
the assumption that bidders make independent participation decisions, so mills anticipate cooperating with other participating
mills but do not coordinate entry.5
Fixing the set of participants, collusion clearly will lower
prices and increase mill profits. But it has no effect on who wins
the auction or on logger profits, because only the high-valued mill
is relevant in this regard. Nevertheless, collusion gives mills a
greater incentive to participate, and this may crowd out logger
participation.
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terms of entry and allocation, the possibility of collusion provides
further flexibility in terms of explaining price differences across
auction formats.
II.F. Discussion of Modeling Choices

6. Athey and Levin (2001) show that in certain Forest Service auctions,
bidders can profit from acquiring commonly relevant information about timber
volumes. They also show, however, that the potential rents are competed away,
suggesting that the equilibrium information asymmetry about volumes may not
be quantitatively large. Haile (2001) analyzes how resale markets can lead to
common values even if the underlying environment is one of private values.
7. Another issue of potential importance is time-series patterns in bidding
due to inventories or capacity constraints. These are challenging to address with
our data because we do not observe inventories and it is not obvious how one could
construct them given that timber is sourced from nonpublic and state land, and
that even Forest Service purchases are harvested over a number of years, but it
could be an interesting problem for future research.
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Our model omits several factors of potential importance in
thinking about the timber market. Two such factors are common
values and bidder risk aversion. In timber auctions, differences in
bidder costs and contractual arrangements provide a source of private value differences. At the same time, bidders can obtain private estimates of the quality and quantity of timber and may have
differing beliefs about future market conditions, leading to a potential common value component of valuations (Athey and Levin
2001; Haile, Hong, and Shum 2003).6 Bidders at Forest Service
timber auctions may also exhibit a degree of risk-aversion. Indeed, Athey and Levin (2001) provide some indirect support for
this based on the way observed bids are constructed (see also Lu
and Perrigne 2008).
Although both common values and bidder risk-aversion can
affect the comparison between open and sealed bidding, we decided to abstract away from them for two reasons. First, as we
discuss shortly, the differences we observe in auction outcomes
are qualitatively different than those implied by either common
values or risk-aversion. Second, incorporating either significantly
complicates the analysis. Hence we opted to use a simpler model
we felt might still explain the data.7
Our model also assumes a particular structure for auction
entry. We assume bidders learn about their private values only
after incurring the entry cost, and we focus on type-symmetric
equilibria. If bidders have some private value information prior
to entry, obtaining theoretical results becomes complicated
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because unlike in our model, the ex ante rankings of strong and
weak bidders may fail to hold conditional on entry. We view the
type-symmetric restriction as a convenient assumption that fits
the data well and allows point identification of entry costs. A natural alternative would have been to focus on pure strategy equilibria, which would lead to similar comparative statics predictions
and would allow us to infer bounds on the entry costs. We discuss
the latter approach in Athey, Coey, and Levin (2011).

We now describe the key institutional features of timber auctions, our data, and the process through which the Forest Service
decides when to use open or sealed bidding.
III.A. The Timber Sale Process
Our data consist of timber sales held between 1982 and 1990
in Kootenai and Idaho Panhandle National Forests, neighboring
forests on the Idaho—Montana border. These are the two forests
in the Forest Service’s Northern region with the largest timber
sale programs. They make a good test case for comparing auction
formats because they use a mix of open and sealed auctions and
the tracts sold under the two formats appear to be relatively homogenous. We discuss the way auction format is determined in
more detail shortly. We also provide evidence from sales held in
California between 1982 and 1989. These forests also use both
open and sealed bidding, but the auction format varies more systematically with the size of the sale, which makes controlling for
tract differences more challenging.
In both regions, a sale begins with the Forest Service identifying a tract of timber to be offered and organizing a “cruise” to
estimate the merchantable timber. The sale is announced publicly
at least 30 days prior to the auction. The announcement includes
the form of the auction, estimates of available timber and logging
costs, tract characteristics and a reserve price. The reserve price
is computed according to a formula that uses the cruise estimates
of timber value and costs and adds a fixed margin for profit and
risk. In some cases, the Forest Service restricts entry tofirms with
fewer than 500, or fewer than 25, employees. We do not consider
these small business sales.
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III.B. Data Description
For each sale in our sample, we know the identity and bid of
each participating bidder, as well as detailed sale characteristics
from the Forest Service sale announcement. The bidders in these
auctions range from large vertically integrated forest products
conglomerates to individually owned logging companies. To study
participation and allocation in a way that respects this variation,
we classify bidders into two groups: “mills” that have manufacturing capacity and “loggers” that do not. One can imagine other
possible ways totry tocapture the diversity of bidders. In practice,
however, other natural groupings, such as by number of employees or by number of auctions entered, turn out tobe quite similar. 8
Our theoretical model assumes that mills tend to have higher
willingness topay than loggers. An implication is that mills should
8. A potentially important feature that is not captured in our data is the location of mills relative to a given tract, and the fact that mills are often specialized
to use certain types of timber. We capture this only indirectly by inferring the
number of “potential” mill bidders from those we observe entering a given auction.
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Before the auction, the bidders have the opportunity to cruise
the tract and prepare bids. For sealed bid sales, the Forest Service
records the identity of each bidder and their bid. For open
auctions, firms must submit a qualifying bid prior to the sale.
Typically these bids are set to equal the reserve price. The Forest Service records the identity of each qualifying firm, as well
as the highest bid each qualifier offers during the auction. A useful consequence is that we observe all open auction bidders, even
those who do not bid actively, which allows a comparison of entry
patterns across auctions.
Once the auction is completed, the winner has a set amount
of time—typically one to four years in our sample—to harvest the
timber. Some of the sales in our sample are “scale sales,” meaning
the winner pays for the timber only after it is removed from the
tract. The fact that payments are based on harvested timber but
bids are computed based on quantity estimates means there can
be a gap between the winning bid and the ultimate revenue. Athey
and Levin (2001) study the incentive this creates for strategic bidder behavior. For the scale sales in our sample, we have limited
harvest data, so we use the bid price as a proxy for revenue. The
remaining sales are “lump-sum” sales. In these sales the winner
of the auction pays the bid price directly.
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9. Simple regressions of this sort also show that the detailed observed sale
characteristics explain much of the cross-auction variation in bids. For example,
if we regress individual sealed bids (in logs) on sale characteristics and a logger
dummy, we obtain an R2 of 0.62 in the Northern region and 0.71 in California. If
we compute average bids in each sealed bid auction and regress the average bid on
sale characteristics, the R2 is 0.72 in the Northern region and 0.69 in California.
10. In the latter scenario, mills would also anticipate a chance of making a
later profit if they lost the auction, but not a sure chance. For example, suppose
all potential bidders agree that the value of the timber net of costs is a $100,000,
and that if a logger wins, it will have to pay a $20,000 margin to one of two mills
in the area. Then each logger assigns a value of $80,000 to winning the contract
and each mill assigns a value of $90,000.
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submit higher bids and win disproportionately. To check this, we
regress the per-unit bids (in logs) from the sealed bid auctions
on a dummy for whether the bidder is a mill and auction fixed
effects. For the Northern forests, we estimate a mill dummy coefficient of 0.248, meaning mill bids are 25% higher on average,
with a t-statistic of roughly 8. An entering mill is also more likely
to win than an entering logger (28% versus 21%). The pattern in
California is similar although the magnitudes are smaller. Controlling for auction fixed effects, mill bids are just over 12% higher
on average. Mills are also more likely to win conditional on
participating in an auction.9
There are several explanations for why mills might bid consistently more than loggers. One possibility is cost differences,
either due to greater scale or experience, or from having made
sunk investments in equipment. Another possibility is doublemarginalization due to imperfect competition. Loggers who win
contracts have to sell the harvested timber to mills and may anticipate having to pay a margin over the actual costs of processing
the timber, therefore lowering the returns to winning the contract
in the first place.10
The model of entry requires that we have a measure of potential bidders for each sale. Measuring potential bidders is challenging because although we can identify businesses or past bidders
in an area, every company may not be interested in every sale. We
therefore rely in part on the structure implied by our theoretical
model. As we discuss shortly, our calibrated model implies that
in equilibrium all potential mills enter the auction. Therefore if
we assume bidders are using equilibrium entry strategies, we can
infer that the number of potential mill entrants for a given sale
equals the observed number of mill entrants. To construct the potential logger entrants, we count the number of distinct logging
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III.C. Choice of Sale Method
The U.S. Forest Service has historically used both open and
sealed bid auctions to sell timber from the national forests. As described in the introduction, sealed bidding was used in the early
part of the twentieth century and has continued to be used almost
exclusively in the Southeast. Over time, open auctions gained favor in some parts of the country, especially in the Pacific Northwest. In 1976, Congress passed legislation mandating the use of
sealed bidding, but the eventual regulations allowed individual
11. This measure probably suffers from a degree of measurement error. Firms
may go in and out of business or become more or less active in Forest Service
auctions over time without our knowledge. Moreover, the Forest Service data
records bidder names with a variety of spellings and abbreviations. Despite carefully checking each name and cross-referencing with industry reference books, we
may not have obtained perfectly accurate counts. Note that for the large Northern
forests, we use forest-district as the relevant geographic area; for Califoria we use
forest.
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companies that entered an auction in the same geographic area
in the prior year.11 We also do a similar count for mills and use
it as a control in our baseline regressions, where we view it as a
proxy for general market conditions.
Table I presents summary statistics of sale characteristics
and auction outcomes. Focusing on the full sample, there are some
obvious differences between the open and sealed bid auctions. In
the Northern forests, the average sale price per unit of timber (in
1982 dollars per thousand board feet of timber or $/mbf) is roughly
$62 in the sealed auctions and $69 in the open auctions. The number of entering logging companies is also somewhat higher in
sealed auctions (3.2 versus 2.5), whereas the number of entering
mills is slightly lower (1.2 versus 1.5). Contracts sold by sealed
auction are more likely tobe won by a logging company than tracts
sold by open auction.
These numbers are broadly consistent with the model already
presented. At the same time, the table indicates that the tracts
sold by open auction are not identical to those sold by sealed bid.
Although the per-unit reserve price of the timber is similar across
format, the open auction tracts tend to be larger. Sale differences,
particularly in terms of size are even more pronounced in
California. This suggests that we need to understand how the sale
format is decided and control for tract characteristics toisolate the
effects of auction format.
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TABLE I (a)
SUMMARY STATISTICS FOR CALIFORNIA SALES
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Notes. Data are from U.S. Forest Service sales held between 1982 and 1990 in Kootenai and Idaho Panhandle National Forests. Data is from the U.S. Forest Service, Timber
Data Company, and U.S. Census Bureau. Timber is measured in thousand board feet, or mbf. The selected sample consists of sales with a propensity score, or estimated probability
of being sealed bid, between 0.075 and 0.925. An Active Logger or Mill is a firm that has bid in the same forest district in the prior 12 months.

TABLE I (a)
(CONTINUED)
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TABLE I (b)
SUMMARY STATISTICS FOR NORTHERN SALES
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Notes. Data are from U.S. Forest Service sales held between 1982 and 1989 in California. Data is from the U.S. Forest Service, Timber Data Company, and U.S. Census Bureau.
Timber is measured in thousand board feet, or mbf. The selected sample consists of sales with a propensity score, or estimated probability of being sealed bid, between 0.075 and
0.925. An Active Logger or Mill is a firm that has bid in the same forest in the prior 12 months.

TABLE I (b)
(CONTINUED)
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12. Relative to Schuster and Niccolucci, we use more districts and years within
the two largest Northern region forests, while they include some sales from other
forests In terms of the time window, Schuster and Niccolucci’s paper looks at 1987–
1990. In including additional years, our motivation is that the set of tracts sold
by open and sealed bidding appear to vary mainly with size, time and location,
precisely the characteristics we need to control for in any case with the randomized sales. We limit attention to the two largest forests because timber markets in
Idaho and Montana are quite local due to the geography, while tract characteristics also vary with geography as well, making it difficult to effectively control for
heterogeneity in forests with fewer sales.
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forest managers to use open auctions if they could justify the
choice. As a result, sale method continued to vary geographically.
We focus on areas that historically have used a mix of open and
sealed bidding.
One reason for focusing on the Northern forests is that
Schuster and Niccolucci (1994) examined the choice of sale format in the Northern region and offer interview-based evidence on
how sale format is chosen. As they explain, different administrative units have employed different methods at different times, but
for at least a subset of sales, the format was randomly selected.
In some instances they describe, sale format was determined by
picking colored balls out of a sock (Schuster and Niccolucci 1994,
p. 90). Because different methods have been in use in different
times and places, we decided to focus on the two largest Northern
forests, which include most of the sales Schuster and Niccolucci
identify as randomized, but include all sales in these forests to
expand the sample.12 We also have analyzed the subset of our
sample that Schuster and Niccolucci identify as randomized. With
this smaller subsample of 378 sales, we obtain very similar estimates of the effect of sealed bidding. We describe this exercise and
the results in the Online Appendix.
To better understand the determinants of sale method in our
sample, we consider a logit regression where the dependent
variable is a dummy equal to 1 if the auction is sealed bid and
equal to 0 if the sale is an open auction. We include a large set of
observable tract characteristics, including the reserve price and
the Forest Service estimates of the volume of timber, its eventual
selling value, and the costs of logging, manufacturing and roadbuilding. We also include the density of timber on the tract, the
contract length, whether the sale is a salvage sale, and a Herfindal
index of the concentration of species on the tract. To capture market conditions, we include the number of U.S. housing starts in the
previous month, the U.S. Census count of the number of logging
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IV. COMPARING AUCTIONS: EVIDENCE
In this section, we investigate the consequences of auction
choice for bidder participation, revenue and allocation. Our
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firms and sawmills in the county of the sale, and our measure of
potential bidders. In addition, we include dummy variables for the
year of the sale, the quarter of the sale, the area in which the sale
took place (forest district in the Northern region and forest in California), andif major species were present. We are particularly sensitive to the importance of sale size, so rather than simply assuming a linear or quadratic effect, we specify its effect as a step function with 10 steps that roughly correspond to deciles in the data.
The results are reported in Table II. As expected, sale size
is a significant correlate of auction method, particularly in
California. Even after controlling for time and geographic location, smaller sales tend to be sealed bid, whereas larger sales tend
tobe open auctions. Moreover, different forests and forest districts
use somewhat different sale methods on average.
Because sale method varies with observable sale characteristics, we want to control for these characteristics in comparing
the outcomes of the open and sealed bid auctions. A concern is
that even controlling for tract characteristics flexibly, some open
sales in our data may look very “unlike” any sealed bid sales, and
conversely some sealed sales may look unlike any open sales. This
will be reflected in having some sales for which the predicted probability of being sealed according to our logit regression, that is,
the propensity score, will be close to 0 or 1. This occurs for many
of the open auctions in California, mainly because in that region
very large sales are almost certain not to be sealed bid.
Tocompare relatively similar tracts in our empirical analysis,
we drop sales that have a propensity score below 0.075 or above
0.925. This results in dropping 154 open auctions and 8 sealed
auctions in the Northern forests. It has a much more dramatic
effect in California, where we retain only one-third of the sales.
The result, however, is that the selected sample has much smaller
differences in sale characteristics across sale format. In thinking
about our results, a natural question is whether they are sensitive
to the exact sample selection. In the Online Appendix, we report
estimates of the effect of sealed bidding using the full sample and
alsousing more stringent propensity score thresholds. The results
are similar across these alternatives.
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CHOICE OF SALE METHOD
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Notes. Estimates are obtained from a logit regression of a sealed bid dummy variable on sale characteristics. Additional controls include dummy variables for each year, quarter, forest (in California) or forest-district
(in Northern), and for common species combinations. Robust standard errors in parentheses.
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empirical approach is fairly straightforward; we describe it now
before turning to the specific questions.
IV.A. Empirical Approach
For a given outcome Y (such as the number of entering mills
or loggers, or the auction price per unit), suppose that
(5)

Y = f ( SEALED, X, N, ε) ,

(6)

Y = α ∙ SEALED + Xβ + Nγ + ε,

which is easily interpretable but does not allow the effect of sealed
bidding to vary across tracts. The second specification allows for
this variation by interacting SEALED with the individual covariates. We then compute andreport an average effect for the sample.
The third approach is a matching estimator that matches every
sealed bid auction with the M “closest” open auctions and vice
versa. Closeness is measured by distance between the estimated
13. If the forest manager uses a deterministicrule, for instance using open auction whenever the volume of timber exceeds a threshold (which seems a possible
description of some areas in California), then in principle auction format will not
vary conditional on X. In practice, if our specification of X does not exactly match
the rule, we will estimate Pr( SEALED|X) to be intermediate for sales close to the
cut-off. So long as unobserved sale chacteristics are independent of the assignment
conditional on X, we will still be identified in a manner analogous to a “regression
discontinuity” approach, whereby discontinuous changes in the outcomes in response to changes in x close to the threshold will be attributed to auction format.
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where SEALED is a dummy equal to 1 if the auction is sealed and
0 if the auction is open, X is a vector of observed sale characteristics, N represents measures of potential competition, and ε is
unobservable. We are interested in the average effect of auction
format, denoted τY = EX,N,ε [f ( 1, X, N, ε) −f ( 0, X, N, ε) ].
The crucial identifying assumption is that auction format is
independent of the unobserved component ε conditional on covariates. This clearly holds for sales where auction method was randomly designated, although it is important that X included the
administrative unit doing the randomization, given that assignment probabilities differed by forest district. It holds for the other
sales if the choice of format is based on information from the Forest Service appraisal or follows some rule based on covariates in
our data.13
We consider three alternative estimates of the “average
treatment effects” τY . The first is an ordinary least squares
regression (OLS):
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propensity scores of the auctions in the sample.14 The average effect of auction format is calculated by comparing the outcome of
each sale t, Yt , with the average outcome the matched sales Ŷt :
(7)

τ̂Y =

1 X
1 X
( Yt − Ŷt ) +
( Ŷt − Yt ) .
T
T topen
tsealed

IV.B. Evidence from the Northern and California Forests
We report our empirical results on the effect of auction choice
in Table III. Each column displays the estimated effect of sealed
bidding on a sale outcome conditional on sale characteristics, with
the relevant outcomes being logger entry, mill entry, bidder composition and sale revenue.
We find that sealed bidding has a strongly positive effect on
logger entry in both the Northern and California forests. In particular, we estimate that sealed bid auctions attract around 10%
more logger entrants in both the Northern and California forests.
This translates into roughly 2 or 3 additional entrants for every 10 sales. All six point estimates are statistically significant;
the estimates are somewhat more precise in the Northern forests
where the sample is larger. In contrast, sale format appears to
have little effect on entry by mills. All specifications for the Northern forests and the regression specifications for California yield
small and statistically insignificant effects. The one exception is
14. We also experimented with using larger numbers of sale characteristics in
constructing matches, and with adjusting for bias as suggested by Abadie and Imbens (2006). To do this we define the distance between sales with covariates x and
z as ||x − z||W , where ||x||W =( x0 Wx)1/2 and W is a diagonal matrix consisting of the
inverses of the variances of the covariates x. There is some sensitivity to the exact
choice of matching covariates and use of bias correction, and alternative matching
strategies arguably suggest larger effects of sealed bidding than our reported estimates. We report the propensity score match estimates as they are conservative
and in line with the regression estimates.
15. The Online Appendix also provides a further robustness check by reporting
estimates from a median regression with the same specification as the OLS model.
The estimated median effects are similar to our estimates of the average effects.
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Here T is the number of sales. We implement this estimator, setting M = 4, and compute robust standard errors following Abadie
and Imbens (2006). The three alternative approaches yield very
similar empirical results, providing assurance that our findings
are not driven by a particular specification or functional form
assumption.15
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Notes. Regression specifications include the same sale controls used in Table II (Forest Service reserve price and estimates of selling value, logging costs, manufacturing costs and
road costs, the contract length per unit volume, a species herfindal, the timber density, indicators for salvage or scale sale, monthly housing starts, indicators for volume categories,
and dummy variables for year, quarter, forest or forest district, and common species). Appendix Tables A1 and A2 report complete estimates for the regression specifications with no
interactions. Robust standard errors are reported. Additional notes: (a) Column (6) includes number of entering mills and loggers in addition to sale controls; (b) Matching estimate
is computed as in described in the text using closest four matches based on the estimated propensity score. Standard errors are computed following Abadie and Imbens (2006).

TABLE III
EFFECT OF AUCTION METHOD ON SALE OUTCOMES
COMPARING OPEN AND SEALED BID AUCTIONS
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16. Although we will not develop the point, we note that reduced mill participation in sealed bid auctions would be consistent with a version of the theoretical
model where entry costs are heterogeneous (Athey, Levin, and Seira 2004).
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the matching estimate for California, which suggests lower mill
participation in the sealed bid auctions.16
The consequence of increased logger participation and unchanged or decreased mill participation is that the composition of
bidders in sealed bid auctions is shifted toward loggers. We estimate that the fraction of participants whoare loggers 5–6% higher
in sealed bid auctions in both the Northern and California forests.
The composition effect suggests that sealed bid auctions will be
more likely to be won by loggers. Our findings are consistent with
this as well. We estimate a 3–4% greater chance that a logger will
win if the auction is sealed bid. These last point estimates are not
highly precise, particularly in California, so we cannot rule out a
fairly small effect of auction format on allocation.
The final columns of Table III report our estimates of the effect of auction format on the sale price per unit volume. Here our
findings differ dramatically across the two areas. In California,
we find little difference in sale price between the two auction formats. Our estimates indicate slightly higher revenue in the sealed
bid auctions, but the finding is not statistically significant and reverses after controlling for the number of entering loggers and
mills. In the Northern forests, however, we find that sealed bid
prices are around 10% higher than open auction prices after controlling for sale characteristics. Our point estimates are highly
significant. To get a sense of the magnitude of this effect in dollar
terms, note that the average winning bid (in 1982 dollars rather
than 1982 dollars per unit volume) is just over $134, 000. So a
10% difference in the winning bid price translates into a $13, 000
difference in Forest Service revenue per sale, or about $14 million
for the whole sample.
A natural question is whether the revenue difference is due
to sealed bid auctions attracting more bidders. The final column
reports estimates of the sale price that include the number of entering loggers and mills as covariates. Even controlling for the
number of entrants, sale method appears to matter. In the regression estimates, sealed bid auctions generate roughly 6% (s.e. 3%)
more revenue. The matching estimate is a bit higher at 9%. The table does not report the revenue decomposition, but the estimates
suggest that an additional mill is associated with about a 19%
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increase in the winning bid, and an additional logger is associated
with about a 12% increase in the winning bid.17
IV.C. Explaining the Effects of Auction Method

17. A natural concern in interpreting this revenue decomposition arises if there
are sale characteristics that are observed by the bidders prior to making their entry decision but not accounted for in our data. In this event, the number of entrants is endogenous in this regression. To explore this, we experimented with
using our measures of potential competition as an instrument for the number of
entering bidders. We found, however, that our estimated coefficients were highly
sensitive to the particular choice of potential competition measures, none of which
are ideal.
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At a qualitative level, the theoretical model developed earlier is consistent with all of the empirical findings just reported:
greater logger participation in sealed bid auctions, a negligible
change in mill participation, a higher probability in sealed bid
sales that a logging company will win, and either a small difference in prices across auction formats or substantially higher
prices in the sealed bid sales. Moreover, the key assumptions generating these effects of aution method—that bidders are heterogeneous, that mills are stronger bidders than logging companies,
and that entry should be treated as endogenous—also seem consistent with the data.
What we cannot say at this point, however, is whether a reasonable parameterization of the model can match our quantitative
findings. Moreover, recall that the theory predicts qualitatively
the same differences between open and sealed bidding regardless
of whether the mills are able tocollude in open auctions, a primary
concern that has historically motivated the use of sealed bidding
in Forest Service timber auctions. Without a more quantitative
approach to the model, we cannot distinguish between its competitive and collusive versions. With this motivation, we turn to
estimating the model’s parameters and comparing the quantitative predictions of the theories to the data.
Before doing this, however, we pause to consider whether
there might be alternative explanations for our empirical findings
that are distinct from the forces captured in our theoretical model.
One possibility is that our estimates do not reflect the systematic effects of auction format at all, but a confounding correlation
between auction choice and unobserved aspects of the sale that
also affect the outcome. This is certainly a concern. Even in the
Northern forests, where many sale assignments were random, we
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may not have perfectly controlled for sale differences. And as we
have noted, the differences are greater in California. We have attempted to mitigate this by making use of the very rich data on
sale characteristics in the Forest Service sale reports, augmented
by further data on market conditions.
Could it be the case that some omitted variable is generating
our findings? Several of the most obvious stories have problems
themselves. For instance, one possibility is that forest managers
like to sell more valuable tracts by sealed bid, a bias that would
help explain the entry and revenue differences we find. This story
is hard to square, however, with the fact that larger sales, which
are by definition more valuable on a total value basis, are more
often sold by open auction. A second possibility is that forest managers use sealed bid sales when they expect more bidder interest,
especially on the part of logging companies. This would help explain the entry results but contradicts both perceptions within the
industry and the Forest Service’s own guidelines. Industry lore
suggests a scenario where the mills prefer oral auctions (as predicted by our theory) and forest managers defer to the mill’s preferences. And the Forest Service instructs managers to use sealed
bidding if they expect a sale not to be competitive (Forest Service
Handbook 2409.18, chapter 57.1).
Another possibility is that our findings do reflect systematic
effects of auction method but not for the reasons captured in our
model. For instance, our model abstracted from potentially relevant aspects of timber auctions such as common values and
bidder risk aversion. Could either of these explain our empirical findings? Although our results certainly do not rule out their
presence, neither seem likely to be the primary source of the departures we observe from revenue equivalence. Theoretical models
with common or affiliated values (and without the other elements
of our model, namely, bidder heterogeneity and collusion), imply
lower prices in sealed auctions rather than higher as we observe
in the data. Bidder risk aversion potentially could explain the
observed prices, because it is known that with symmetric riskaverse bidders, expected revenue is higher from a sealed bid auction. But at least in the cases considered by Matthews (1987), risk
aversion would lead to lower equilibrium participation in sealed
bid auctions. This runs contrary to our findings. So to the extent
that either common values or bidder risk aversion would help explain the data, they would have to be part of a more complicated
story.
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V. STRUCTURAL ESTIMATION AND TESTING

V.A. Structural Estimation
Our first step is to use the sealed bid data to estimate the
parameters of the theoretical model as a function of tract
18. In principle one might try to use the data from the open auctions to help estimation the model. Athey and Haile (2002), however, show that when values are
correlated as in our model of unobserved heterogeneity, underlying value distributions cannot be identified from open auction bids. Haile and Tamer (2003) point
out additional concerns with drawing inferences from losing bids in open auctions.

Downloaded from http://qje.oxfordjournals.org/ by guest on June 12, 2016

In this section we bring the model and the data together to
assess the relationship between our empirical findings and the
theory we proposed to account for them. We investigate three related issues. First, we ask whether a calibrated version of our
model, with parameters estimated from the data, can quantitatively match the departures we observe from revenue equivalence.
Second, we ask whether the model can provide a measure of bidder competitiveness in the open auctions. Finally, we estimate the
welfare consequences of moving exclusively to open or sealed bidding, under the assumption that our estimated model accurately
describes the sale environment.
The key elements of our approach are as follows. We use entry and bidding data from the sealed bid auctions to estimate
the parameters of our theoretical model—the value distributions
of loggers and mills, and the costs of entry—as functions of the
tract characteristics. To do this, we assume competitive behavior in the sealed bid auctions as outlined. We allow for both observed and unobserved heterogeneity in the underlying values of
the tracts. And we adopt the same model of equilibrium entry described in Section II. We then use the calibrated model to predict
the equilibrium outcome of each sale in our sample and compare
the predictions to the actual outcomes. For tracts sold by sealed
bidding, this provides a measure of how well our model fits the
data. For tracts sold by open auction, the predictions are out-ofsample because the open auction tracts were not used to estimate
the parameters of the model and because the open auction is a
different game than the sealed bid auction around which estimation is based.18 Comparing the predictions to outcomes allows us
to assess whether the model accurately accounts for the observed
differences across auction formats. It also provides a way to evaluate the competitiveness of open auctions. Finally, we develop a
welfare comparison of open and sealed bidding.
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19. An alternative way to rationalize correlation in bids is with an affiliated
private values model, but at least in the baseline symmetric model affiliation implies that prices will be higher in open auctions, contrary to our data. As an institutional matter, we alsobelieve it plausible that bidders commonly observe certain
features of a tract that make it more or less valuable.
20. See Haile (2001) for a discussion of why Forest Service reserve prices are
typically nonbinding. A slight drawback to this assumption is that our fitted bid
distributions will assign positive (though typically small) probability to bids below
the reserve price. We did experiment with modeling bidder values (and hence bids)

Downloaded from http://qje.oxfordjournals.org/ by guest on June 12, 2016

characteristics. To estimate the value distributions of mills and
loggers, we build on the approach pioneered by Guerre, Perrigne,
and Vuong (2000). They suggest fitting a distribution to the observed sealed bids, then using the first-order condition for optimal bidding to recover the bidders’ value distributions. Given the
value distributions, we can estimate entry costs using observed
entry behavior.
A notable feature of our data is that bids within a given sealed
bid auction are highly correlated conditional on observed sale
characteristics. We therefore follow Krasnokutskaya (2011) in allowing for unobservedheterogeneity in sale characteristics. An extension along these lines appears crucial as, in line with
Krasnokutskaya’s work on highway procurement, we estimate implausibly high bid margins when we fail to account for withinauction bid correlation.19
Formally, let X denote the set of sale characteristics known
both to the econometrician and the bidders. Let u denote an auction characteristicknown toparticipating bidders but not observed
in our data. Let N =( NL , NM ) represent the number of potential
mill and logger entrants. And let n=( nL , nM ) denote the numbers
of participating mills and loggers. We assume that bidders
initially have the information in the sale announcement and
knowledge of the set of potential bidders; that is, they know(X, N).
They then decide whether to incur the entry cost, K(X, N), and
participate in the auction. If they participate, they learn the set
of participating bidders n, the sale characteristic u, and their private value. We write bidder value distributions as FL (∙|X, u, N)
and FM (∙|X, u, N) and assume that values are independent conditional on (X, u, N).
Given these assumptions, we can write the equilibrium bid
distributions as GL (∙|X, u, N, n) and GM (∙|X, u, N, n). We assume
that if there is a single bidder he optimally bids the reserve price,
but otherwise we treat the reserve price as nonbinding. 20 More
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Estimating the Bid Distributions. Conditional on the observable sale characteristics ( X, N) and set of participants n, the joint
distribution of bids in a given auction is a combination of three distributions: the biddistributions GL (∙|X, u, N, n) andGM (∙|X, u, N, n)
and the distribution of the unobserved auction heterogeneity u,
which is responsible for any correlation of the bids. We adopt a
parametric approach to estimate these three distributions.
Our particular model specifies Weibull bid distributions with
Gamma distributed auction heterogeneity. Thus we assume that
for k = L, M:


ρk (n)
b
(8)
Gk (b|X, u, N, n) = 1 − exp −u ∙
.
λk ( X, N, n)

Here λk ( ∙) is the scale, and ρk ( ∙) the shape, of the Weibull distribution, parameterized as ln λk ( X, N, n) = XβX + NβN + nβn,k + β0,k
and ln ρk ( n) =; nγn,k + γ0,k .21 We assume u has a Gamma distribution with unit mean and variance θ, and is independent of X,

as being distributed above the reserve price, but found that this model fit the data
poorly, possibly because the mechanical formula used to determine the reserve
price may not track changes in bidder values over time or across auctions well.
21. The specification we adopt is more parsimonious than in our earlier regressions. Our results do not seem sensitive to including additional covariates;
nevertheless, we opted for parsimony because of the need to make out-of-sample
predictions where over-fitting could in principle be a problem. Specifying how the
number of participants shouldaffect the biddistribution is a challenge in two-stage
structural estimation of auction models, because there is no easy way to incorporate the theoretical restriction that the value distributions be independent of the
number of bidders. Theory does predict that mill behavior could be quite different
if there is only a single mill, which motivates us toinclude a single mill effect in the
mill bid distribution. Theory also predicts that the effect of an additional bidder
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generally, we assume the data we observe is generated by a typesymmetric entry equilibrium. As we will discuss, there is a unique
such equilibrium consistent with the estimated value distributions and observed entry probabilities. In this equilibrium, mills
enter with certainty and each logger enters with some probability
between 0 and 1 depending on sale characteristics. This means
that we can infer the number of potential mill entrants NM as
equal to the number of participating mills nM . For each sale, we
use our count of active logging companies described earlier as our
measure of potential logging entrants, NL . Finally, we maintain
the standard assumption that auctions in our sample are independent of one another.
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on a given bidder’s behavior should be limited as the number of bidders grows. For
this reason, use min{nL , n} and min{nM , n} in place of nL , nM in our estimates,
where n = 5.
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N, and n. We estimate these parameters of the model, (β, γ, θ), by
maximum likelihood; the likelihood function is written out in the
Online Appendix. The estimates are reported in Table IV.
Several points about the estimated bid distributions deserve
mention. First, recall that the basic assumption of the theory was
that mill values stochastically dominate logger values, and an implication was that mill bids should dominate logger bids. Our empirical specification does not impose this. Nonetheless, we find
that mill bids do dominate those of loggers. On average, mill bids
are roughly 25% higher than logger bids in the Northern forests
and 15% higher in California. Also consistent with the theoretical
model, we find that bids are increasing in the number of competitors (a property that can potentially be violated if bidder values
are affiliated or have a common value component). Finally, we estimate for both geographical regions that u has significant variance, confirming that our modeling of unobserved heterogeneity
across auctions is warranted.
Importantly, the Gamma–Weibull functional form appears to
provide a good fit to the observed distribution of logger and mill
bids, the within-auction bid correlation, and the observed sealed
bid prices. Our model has the useful property that bidder i’s bid in
auction t can be expressed as bit = exp( Xt βX + Nt βN ) ∙εit (n).
Defining the sealed bid residuals as ε̂it = bit / exp( Xt β̂X + Nt β̂N ), we
investigate how closely these residuals match the distribution of
the εit s predicted by our fitted model. In the Northern forests, the
overall mean of the bid residuals is 2.16; the standard deviation
is 1.18; the between-auction standard deviation is 0.94; and the
within-auction standard deviation is 0.75. By way of comparison,
the fitted model predicts a mean of 2.12, and respective standard
deviations of 1.21, 0.97; and 0.70. We obtain a similarly close fit
in the California forests, where the respective numbers from the
data are 25.9, 12.6, 9.7; and 8.5 compared toour model’s prediction
of 25.6, 13.6, 10.8; and 8.1. To provide a visual picture, Figure I
plots the distribution of sealedbidresiduals in our sample (i.e., the
distribution of the ε̂it s, where) next to the distribution predicted
by our fitted model.
Despite this informal confirmation of model fit, one might
still wonder whether our parametric modeling is unduly
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TABLE IV
BID AND ENTRY DISTRIBUTIONS FOR SEALED BID AUCTIONS
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Notes. Bid distribution estimates are obtained using only sales with two or more bidders. Bid distribution and entry distribution estimates are based on maximum likelihood as
described in the text.

TABLE IV
(CONTINUED)
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Estimating the Value Distributions. We now turn to recovering the bidders’ value distributions. Under the assumption that
the observed bids are consistent with equilibrium behavior, each
bid must be optimal against the opponents’ bid distributions. That
is, a bidder’s value vi is related to his observed bid bi through his
first-order condition for optimal bidding:
(9)

vi = φi (bi s X, u, N, n) =bi + P

1
gj (bi |X,u,N,n)
j∈n\i Gj (bi |X,u,N,n)

.

It is straightforward to construct an estimate of φi given our
estimates of GL and GM . If all sale characteristics ( X, u, N, n) were
observed, we would then be able to infer the bidder value corresponding to each observed bid, and thus recover the value distributions (as in Guerre, Perrigne, and Vuong 2000). As u is
unobserved, however, we needtomodify the approach. As observed
by Krasnokutskaya (2011), we can still recover the distributions
22. For instance, Krasnokutskaya (2011) estimates a semi-parametric model
with unobserved heterogeneity assuming that the unobserved component of the
bid separates multiplicatively into an auction effect and an idiosyncratic component. In our setting, an important practical problem with semi-parametric estimation is that one would want to estimate the model separately for each vector of participants (nL , nM ) and we simply don’t have the data to do this. Papers
that use a parametric strategy include Jofre-Bonet and Pesendorfer (2003) and
Krasnokutskaya and Seim (2009). The latter follow our lead in using a parametric
model with unobserved heterogeneity.
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restrictive.22 To address the issue more formally, we implement a
natural specification test due to Andrews (1997). Andrews’ Conditional Kolmogorov Test tests the null hypothesis that conditional
on a set of exogenous covariates, a set of endogenous variables
is generated by a particular parametric distribution. In our case
the exogenous covariates are the sale characteristics ( X, N), the
endogenous variables are the bids, and the parametric model is
the Gamma–Weibull mixture model. Andrews’ test is based on
a bootstrap procedure in which one uses the estimated model to
repeatedly draw samples of the endogenous variables and compares these simulated data sets to the observed data. We implement the test and find that we cannot reject the null hypothesis that our parametric specification is correct, even at very high
confidence levels (20% in both the Northern forests and California). These findings provide additional support for our modeling
approach.
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FIGURE I
Actual versus Estimated Density of Sealed Bid Residuals (Northern Sales and
CA Sales)
Notes. Figures show estimated and actual distribution of bid residuals from
sealed bids in Northern sales (A) and California sales (B). The bid residual for
bid i in auction t is defined as εit = bit / exp( Xt βX + Nt βN ), using the estimated
b’s. The plotted distribution of bid residuals is smoothed using a kernel. Estimated bid residuals are those predicted by the Gamma–Weibull bid distribution
model.
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FL (∙|X, u, N) and FM (∙|X, u, N) for any value of u from the relationship:23
(10)

Fk (v|X, u, N) = Gk (φ−1
k (vs X, u, N, n) |X, u, N, n) .

23. A small subtlety here is that our theoretical model implies that the equilibrium bid distribution will have a finite upper bound. The Weibull distribution does
not. For this reason, we truncate the very upper tail of the estimated distributions
GL (∙) and GM (∙) and work with the truncated distributions. The motivation for this
and details of the implementation are described in the Appendix.
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Figure II plots the density functions for logger and mill values for an auction with average covariates, and u = 1, as well as
the equilibrium bid functions assuming two mills and two loggers
participate in the auction. To compute the equilibrium bid functions, we combine the fitted bid distributions GL (∙|X, u, N, n) and
GM (∙|X, u, N, n), assuming X = X, N = N, u = 1 and n=( 2, 2) with the
first-order condition to find bk (v|X, u, N, n) =φ−1
k (v|X, u, N, n). As
the figure indicates, the distribution of mill values is substantially
shifted rightward from the distribution of logger values. Moreover, the estimated mill bid function is below the logger bid function. Thus mills bid less than loggers for any given value,
matching a key prediction of the theoretical model.
It is also possible, by averaging across values of u, to estimate the typical markups built intothe sealedbids in our data. We
estimate that in the Northern forests, the median profit margin
across all bids is 9.5%. The corresponding number for California
is 10.0%. These margins, which are similar when we look separately at mills and loggers, suggest that the sealed bidding is quite
competitive.
Finally, we can use the estimated value distributions toinvestigate whether the equilibrium uniqueness condition in Proposition 1 holds for our calibrated model. Our parametric model has
the property that the effect of observed sale characteristics ( X, N)
is multiplicatively separable. This property extends from the bids
to the inferred bidder values and hence to the bidder profits conditional on entry. So we can compute expected equilibrium profits
for loggers and mills for just a single set of sale characteristics
( X, N) and simply rescale to account for changes in these
characteristics.
Tocompute expected equilibrium profits, we repeatedly simulate the outcomes of sealed bid auctions and average bidder profits
over the simulations. In a given simulation, we draw a value for
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FIGURE II
Estimated Value Distributions and Bid Functions for the Case of Two Loggers
and Two Mills (Northern Sales and CA Sales)
Notes. Figures show estimated value distributions and equilibrium bid functions for a sale in the Northern region (A) or California (B) with average covariates,
and u= 1, assuming that two loggers and two mills participate in the auction.
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Estimating Entry Costs. The remaining parameter of the
model is the entry cost, which we recover using the equilibrium
conditions for optimal entry behavior. As just explained, our estimated value distributions imply that for any tract and entry cost
for that tract, there is a unique type-symmetric entry equilibrium
with the property that if loggers enter with positive probability,
all mills must enter with probability 1. We observe loggers entering 85% of sales in the Northern region and 88% in California. For
these sales we can infer that the number of potential mill entrants
equals the number of observed mill entrants, that is, NM = nM .
For the sales with zero logger entrants, we also make this same
inference.24
As described, we construct a measure of potential logger entry NL for each sale by counting the number of loggers entering
sales in the same area over the prior year. This number strictly
exceeds the number of observed logger entrants in virtually all the
sales (99% in the Northern region and 95% in California), indicating that the equilibrium needed to rationalize the data is one in
which loggers enter with probability strictly between 0 and 1. In
such an equilibrium, loggers must be just indifferent between entering and not entering. Letting ΠLτ ( X, N) denote the equilibrium
profit a logger expects from entering as a function of observed sale
characteristics ( X, N) and the sale method τ ∈ {o, s}, we have:
X
(11) ΠLτ ( X, N) =
πLτ ( X, N, n) Pr [n|X, N, i ∈ n, τ ] = K( X, N) .
n⊂N

24. It is possible that in some of these sales, the relevant equilibrium is one in
which the loggers entered with probability 0 and perhaps not all mills entered. We
assume this is not the case and perform a specification test, explained shortly, to
test the assumption.
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the unobserved auction characteristic u, then sample for each bidder from the estimated distributions GL , GM and infer the bidder
values that correspond to these draws. This leaves us with bidder
values and equilibrium bids so we can identify the auction winner and the realized bidder profits. We simulate 5000 auctions for
each plausible level of logger and mill participation (up to 8 mills
and 25 loggers) to compute the expected logger and mill profits,
s
πLs ( X, N, n) and πM
( X, N, n). These estimates have the property
s
that for all nL , nM , πM
( X, N, nL , nM + 1) > πLs ( X, N, nL , nM ) for every tract in our sample. Therefore Proposition 1 implies the calibrated model has a unique type-symmetric equilibrium for every
sale tract irrespective of the fixed cost of entry.
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Here Pr[n|X, N, i ∈ n, τ ] is the probability that n = (nL , nM ) bidders
enter given that i enters.
Our estimated value distributions already provide an estimate of πLτ ( X, N, n). We use the sealed bid data to construct an
estimate of bidder’s beliefs about opponent entry. In equilibrium,
nM = NM , whereas loggers independently randomize their entry
with identical probability ps ( X, N). The distribution of logger entry is therefore binomial, as is the distribution of opponent entry.
In particular,



NL − 1 s
N −n
p ( X, N)nL −1 (1 − ps ( X, N) ) L L .
Pr[nL |X, N, i ∈ n, s] =
nL − 1
For estimation, we specify a parametric model:

(13)

ps ( X, N) =

exp (XαX + NαN )
.
1 + exp (XαX + NαN )

We estimate the parameter vector α by maximum likelihood using
the observed logger entry into sealed bid auctions. These
estimates are reported in Table IV.25
Putting the estimated equilibrium profit function πLs (X, N, n)
together with the estimated probability of logger entry ps (X, N),
we use (11) to compute the predicted logger profits from a sealed
bid auction, ΠLs (X, N), as a function of the characteristics (X, N).
Then, treating each tract in our sample as an (X, N) pair, we impute for each tract an entry cost K(X, N) = ΠLs (X, N). We estimate
a median entry cost of $2,870 (s.e. $325) for the Northern forests
and $5,056 (s.e. $673) for the California forests. As the costs of
surveying a tract can run to several thousand dollars, this seems
reasonably consistent with our prior beliefs about the costs of acquiring information.26
25. With these estimates in hand, we can check if our assumption of that the
probability of logger entry was strictly positive even for the few tracts where we
observe zero logger entry. If this were so, we should expect the data to contain
significantly more auctions with zerologger entry than is predicted by the binomial
model. They do not.
26. As a point of comparison, we estimate that across tracts in our sample the
median expected mill profit from a sealed bid auction is roughly $45,000 gross of
entry costs. Our analysis assumes a type-symmetric entry equilibrium. A similar
analysis is possible under the assumption that potential entrants play a pure
strategy entry equilibrium. In this case, the strong asymmetry between mills and
loggers ensures a unique number of mill and logger entrants for any entry cost, and
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V.B. Comparing Predicted and Actual Outcomes

we can use revealed preference to obtain bounds on the fixed entry cost. Proceeding in this fashion, we obtain fairly tight bounds on entry cost for each tract that
are similar to the estimates we obtain under the assumption of type-symmetric
equilibrium.
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Having estimated the parameters of the theoretical model
as functions of observable sale characteristics, we now ask how
closely the model’s equilibrium predictions match the observed
outcomes in our data. In the case of sealed bid sales, this exercise
provides a measure of how well we have fit the entry and bidding
data. In the case of open auctions, it allows us to ask whether the
calibrated model can explain the open auction outcomes, and in
particular, whether assuming some degree of cooperative behavior provides a more accurate fit to the data. Finally, by looking at
both kinds of sales, we can assess whether the model is able to
explain not just the qualitative but the quantitative departures
from revenue equivalence documented earlier.
To generate sealed bidding predictions, our estimated model
of logger entry gives the equilibrium distribution of loggers who
will participate in a sealed bid auction as a function of tract
characteristics. The number of mill entrants is known and not
stochastic. We use our estimates of GL , GM and the distribution of
unobserved heterogeneity to predict bidding behavior conditional
on participation. Finally we combine the entry and bidding predictions to predict outcomes conditional only on tract characteristics.
To generate open auction predictions, we observe that conditional on participation, each entrant will bid his value and the
auction price will equal the second highest value. Alternatively, if
mills collude, all but the highest value mill drop out immediately,
and the remaining bidders behave competitively. These observations allow us to calculate expected prices and profits for a given
tract and any given set of participants under the assumption of either competitive and collusive behavior. In practice we do this by
simulation. Each simulation involves drawing a value of u, then
drawing a value for each participant from either FL (∙|X, u, N) or
FM (∙|X, u, N), and finally calculating the auction price, profits, and
surplus.
This procedure gives predictedopen auction outcomes for each
tract conditional on any hypothetical set of participants. To predict open auction entry, we assume a type-symmetricequilibrium.
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27. To do this we first calculate the expected logger profit conditional on entry,
πLo ( X, N, nL , nM ), for each tract ( X, N) and each possible realization of logger entry nL , and given that nM = NM . Here the computational burden is eased by the
fact that observed tract characteristics ( X, N) shift profits multiplicatively. Given
πLo ( X, N, nL , nM ) for all tracts ( X, N) and possible entry realizations, we can compute the expected logger profit ΠLo (X, N) for any logger entry probability pL using
(11) and (12). The expected profit falls monotonically in pL , so is straightforward to
identify the unique equilibrium entry probability that makes ΠLo (X, N) just equal
to the estimated entry cost K( X, N).
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For each tract we treat mill entry as known and equal to the
set of potential mill entrants. We calculate the unique logger entry probability that leaves each logger just indifferent between
entering and not entering.27 This yields the unique equilibrium
in logger entry strategies that we combine with our equilibrium
bidding predictions to generate predicted outcomes as a function
of observed tract characteristics. As was discussed in Section III,
logger entry and auction allocation are the same regardless of
whether mill behavior is competitive or collusive; the only difference in outcomes is the predicted auction price.
Table V reports the average outcomes in our data and the
average outcomes predicted by the parameterized model. We
generate standard errors for the predicted outcomes using a
parametric bootstrap in which we resample from the asymptotic
distribution of the bid and entry distribution parameters reported
in Table IV and then repeat the procedure of calculating expected
auction outcomes for each bootstrap repetition.
For the Northern forests, the model closely predicts the average auction prices, the average sale revenue and the fraction of
sales that loggers win. For instance, the average sale price in the
data is $69.40, while the model predicts an average price of $70.40,
and $69.90 conditional on the set of participating bidders. The
model also predicts the average sealed bids of loggers and mills
with reasonable accuracy. The results for the California forests
are similarly encouraging. The model closely matches the average logger and mill bids and the fraction of sales won by loggers.
Perhaps the biggest discrepancy between the model and the data
is that we somewhat overpredict the average sale price and revenue in California relative to the observed outcomes. The average
sale price in the data is $80.40 whereas the model predicts $84.40
or $83.80 if we condition on the participating bidders.
Because the model’s parameters are estimatedfrom the sealed
bid data, the tight match between predicted and actual outcomes
just amplifies our earlier point that the model fits well. The next
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step, however, provides a demanding test of the theory. We use
the model to predict the outcomes of the open auctions and compare these predictions to the data. Here we are asking the model
TABLE V
ACTUAL OUTCOMES VERSUS OUTCOMES PREDICTED BY MODEL
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Notes. Column (1) shows average outcomes for sale sealed bid or open sales in the region. Column (2)
shows predicted outcomes from the model for those same sales, conditional on the number of entering firms
observed in the data. Column (3) shows predicted outcomes based on the equilibrium model of entry and
bidding. All standard errors obtained by a parametric bootstrap.
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to make predictions that are “out-of-sample” in two senses: we
are predicting sale outcomes for tracts not used to estimate the
model’s parameters, and we are predicting the outcomes of a different auction game than was observed in estimating the model’s
parameters. These predictions and actual outcomes are reported
in the lower part of each panel of Table V.
Strikingly, the model predicts a level of logger entry in open
auctions that is very close to the actual level. In the Northern
forests, the model predicts an average of 2.67 loggers entering in
equilibrium versus 2.75 in reality. In California, the model predicts 1.90 compared to 1.95 in reality. These results indicate that
the fitted model can explain the entry differences between open
and sealed bid sales in our data that were one of the key departures from revenue equivalence The model is somewhat less successful in matching the fraction of open auctions won by loggers.
In both regions, the model under-predicts how often loggers win.
In the Northern forests, for instance, the model predicts loggers
will win 54.4% of the open sales, or 56.0% conditional on realized
participation, while in reality they win 59.0%. There is a similar
discrepancy in California.
Turning to the open auction prices, recall the we observed
practically no difference between open and sealed bid prices in
California and a sizable difference in the Northern forests. This
observation was part of our motivation for introducing the possibility of open auction collusion into our model. Table V shows that
for the California forests, the competitive model predicts open auction prices close to the actual prices. The average sale price in the
California open auctions was $85.10. Our fitted model predicts an
average price of $87.20 conditional on realized entry, and $86.70
when we predict entry as well as bidding. The model therefore
seems to replicate our empirical finding of little price differential
due to the choice of open or sealed bidding.
The situation is different for the Northern forests where we
observed a large price difference between open and sealed auctions. The numbers in Table V indicate that observed open auction
prices are below the competitive prices predicted by the model,
although well above the fully collusive prediction. The competitive model predicts an average price of $67.80 or $67.90 conditional on realized entry. The prediction falls to $44.20 under the
assumption that the mills fully collude. In fact, the average sale
price across open auctions is $63.30 per mbf. Accounting for sampling error, we reject both the competitive and collusive models
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TABLE VI
ACTUAL VERSUS PREDICTED SALE PRICES BY MILL PARTICIPATION

at conventional confidence levels. An assumption of mildly cooperative behavior on the part of participating mills appears to provide a better match than either the competitive or fully collusive
extremes.
It is worth noting that this conclusion is not sensitive to our
assumption that the sealed bid auctions are competitive. If we assumed a degree of collusion in the sealed bid auctions, we would
infer a higher distribution of bidder values from the data. This
would reinforce the finding that open auctions appear less than
perfectly competitive. A possibility is that there is collusion at a
small fraction of the sales. We should note, however, that when
we looked at the open auctions for which the predicted price is
substantially above the actual price, we did not find any obvious
pattern.
As statistical detection of collusion is known to be a difficult
problem (e.g., Bajari and Ye 2003), it is interesting to consider
more refined predictions of the collusive model. One such prediction concerns the relationship between prices and the number of
participating mills. For sales with zero or one mill, the competitive and collusive model yield identical predictions. Any effect
of mill collusion should appear only in sales with more than two
mills.
To explore this, we divide the sales in the Northern region
into three groups: those with zero participating mills, one
participating mill, and two or more participating mills. Table VI
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Notes. All numbers are for sales in the Northern region. Column (1) shows average sales prices for sales
with zero, one, or two or more participating mills. Columns (2) and (3) show predicted prices for these sales
based on the estimated model.
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reports the observed and predicted competitive prices for open and
sealed sales falling into these categories. Focusing on the case of
exogenous entry, the competitive model predicts prices quite accurately for sales with zero or one mills, but observed open auction
prices are well below predicted competitive prices when there are
twoor more mills. This is consistent with the collusion theory. The
results are less sharp with endogenous entry, mainly because we
do fit the realized logger entry precisely for these cells. 28
V.C. Quantifying the Trade-offs in Auction Design

28. For the open auctions, the model predicts an average of 3.31 loggers in the
zero mill sales, 2.26 in the sales with one mill, and 1.06 with two or more mills.
In fact, we observe 3.76 loggers in the zero mill sales, 3.32 in the one mill sales
and 1.77 with two or more mills. This variation makes it easier to focus on the
exogenous entry case in Table VI because the theoretical model predicts identical
entry in the collusive and non-collusive cases, and using the observed entry focuses
attention directly on the bidding margin.
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So far we have tried to assess if our theoretical model could
explain the systematic effects of auction method we observe in the
data. We nowtake as given that we have accurately estimated bidders’ values and entry costs, and we investigate the welfare consequences of using either open or sealed bidding on an exclusive
basis. From an a priori standpoint, our theoretical results suggest
that neither format will dominate. The open auction conveys an
efficiency benefit in both entry and allocation, but the increase in
social surplus may come at the cost of lost revenue and an allocation that favors stronger bidders. For this reason, it seems natural
to try to quantify the trade-offs faced in choosing between the two
formats.
To conduct a welfare comparison, we use our estimates of the
primitives to compute the predicted outcome of both an open auction and a sealed bid auction for each tract in our sample. For each
tract, and each auction format, we compute the expected entry,
the expected price and revenue, the probability that a logger will
win, and the expected surplus (the value of the winning bidder net
of entry costs sunk by all the bidders). For the open auction format, we consider two alternative specifications of mill behavior:
a benchmark specification where mills behave competitively, and
perhaps a more realistic specification where they cooperate 18%
of the time (18% being the number that rationalizes the observed
open auction prices in the Northern region).
Our comparisons are reported in Table VII, which reports ex-

COMPARING OPEN AND SEALED BID AUCTIONS

253

29. The reason it is even possible to generate a positive point estimate here
is that in practice we estimate separate value distributions for each possible
configuration of entrants (nL , nM ) and these estimates are not precisely the same.
As noted earlier, this is an issue anytime one uses current two-stage auction
estimation methods. It becomes visible here because in modeling stochastic logger
entry we need to take expectations that average over possible numbers of logger
entrants, where the weights on different realizations of nL vary across auction
formats. Note that we could take the approach of averaging our value distribution
estimates to create a pooled estimate, but this has its own nontrivial problems.
Notably, for any given set of participants a pooled value distribution estimate does
not correspond through the first-order condition to the estimated bid distribution.
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pected auction outcomes taking participation as fixed and solving
for the complete entry equilibria under sealed and open bidding.
The top panel shows the results for the Northern forests, and the
bottom panel for California.
A first point that stands out is that if participation is assumed
to be independent of the auction format, the differences in equilibrium outcomes between open and sealed bidding—assuming
bidder behavior is competitive in both cases—are small, despite
substantial asymmetries among bidder types. Sealed bidding
would generate more revenue, but the revenue gain is only $320
per sale in the Northern region and $546 in California. Sealed bidding also increases the probability that sales are won by loggers,
but the average increase in probability is less than 1%. Finally,
the efficiency benefit to using an open auction format is also quite
small, less than $100 per sale in both regions.
These differences increase somewhat when we account for
the fact that bidder participation will vary systematically with
auction format. According to the model, sealed bid and open auctions will attract the same number of mills, but sealed bid auctions will attract three to four more loggers for every 10 sales.
One effect of this additional entry is to generate a more substantial difference in the fraction of sales won by loggers—we predict
that loggers would win 2–4% more sales with sealed bidding. A
second effect is to increase the revenue advantage of sealed bidding to roughly $3,000 for the average sale in the Northern region and $14,000 in California. Our estimate of the social surplus
differential remains relatively small in the for the Northern region, and is quite noisy for California, to the extent that our point
estimate indicates higher social surplus from sealed bidding, despite the fact that we know equilibrium sealed bidding to be less
efficient.29
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Notes. Each entry is an average for all sale tracts in a region based on model prediction. Exogenous entry predictions use the realized participation in the sale and predict bidding
outcomes; endogenous entry predictions use the equilibrium bidding model. Bootstrap standard errors in parentheses.

TABLE VII
WELFARE EFFECTS OF SEALED VERSUS OPEN AUCTIONS
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VI. CONCLUSION
This article examined the relative performance of open and
sealed bid auctions, using U.S. Forest Service timber sales as a
test case in auction design. We show that sealed bid auctions attract more small bidders, shift the allocation towardthese bidders,
and in some forests generate higher revenue. We also show that
an extension of the standard independent private values auction
that can explain these findings, both qualitatively and quantitatively, and furthermore allows us to measure the degree of bidder
competitiveness.
Our approach to structural estimation in this setting has two
main features. First, motivated by a desire to match key features
of the application, we incorporate several elements (heterogeneous
bidders, unobserved auction heterogeneity, and a model of bidder
participation) that generally have received attention in isolation.
Second, we exploit the variation in auction format to assess the
competitiveness of the open auction format. By relying only on
data from sealed bid auctions to estimate our primitives, we are
able to make out-of-sample predictions for open auctions that can
be compared to actual outcomes.
Even though the role of asymmetries in determining optimal auction design have received a fair amount of attention in
the theoretical literature, our results show that with fixed
participation, the choice of auction format has little impact even
Moreover, because averaging the value distribution estimates leads to a distribution that is flatter than the individual estimates, the resulting sealed bid
equilibrium does not match that well with the observed data, which is a main
reason for pursuing our current approach.
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As a practical matter, however, the model suggests that these
differences are dwarfed by the potential effects of bidder collusion. In the Northern region, even if we take participation as fixed,
open bidding generates some $14,000 less per sale than competitive sealed bidding if mills are able to engage in a mild amount
of cooperative behavior. The difference is over $17,000 once we
account for participation effects. These numbers are even larger
on the California tracts. So to the extent that mild cooperation
by mills at open auctions is a possibility, the revenue benefits of
sealed bidding clearly seem to be the most quantitatively significant welfare consequence of the choice of auction method.
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with substantial asymmetries among bidders. When participation
is endogenous, we see that sealed bidding favors the small or weak
bidders in both entry and allocation, and differences across auction formats are magnified. Finally, our results suggest that competitiveness may vary across Forest Service regions, and that the
implications of competitiveness for auction choice may be quantitatively the most significant.
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